Use Case

Brain Tumour classification

Function : #For precise image classification | Industry : #Computer Vision
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Goal 8 Result
+ To enable early detection and diagnosis of Brain Tumour from
MRI Scans.
+ To detect location and area of tumour.
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+ Exploratory Data Analysis
+ Image pre-processing and augmentation
+ Image classification and Segmentation algorithms
. Visualization Metric Accuracy  Loss  Precision Sensitivity _ Specificity
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Understand the what, why, when, where & how
. Image preprocessing using
Data Preprocessing augmentation techniques and labelling
----- Data preprocessing steps - = [EECSSSSEEEEES U RN B0 Image augmentation generates o)
to derive meaningful data additional data for model to learn.
insights Image labelling is preprocessing step
E S | for model building.
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U-Net (Attention) Analysis Attention based U-Net model
Accuracy Loss  Precision
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area segmentation.
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Multi Persona DSML Platform

For all your data needs- Data Engineering, Data Science, Data Visualisation, loT

J Data Connect

Data Source: TumourData

Model Studio

Modeling, encompassing the selection and
configuration of models

Agile Data Science

Encapsulating best practices, tools and methods
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Ideate Acquire Explore

* What is the goal?

* How can you
leverage the data?

+ Plot the data
+ Are there anomalies?
+ Are there patterns?

* How is data sampled?

+ Which data is
relevant?

+ What do you want
to predict?

+ Any data privacy
issue?
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Comprehensive Data Operations, encompassing
Metadata Management

Visualisation
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Viz Ops, lllustrating The Core Trends And Graphical
Representations
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Model Present Deploy

+ What did we learn?
+ Do the results make

+ Build a model
+ Fit the model

+ Where to Deploy?
+ What is the Structure

- Validate the model sense? of Pipeline?
+ Can we tell a story? + How to Optimise and
Scale?



